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Abstract: An algorithm focus on multi-nodes jamming decision is proposed to fulfill the need of
interdicting information transmission in wireless Ad-hoc networks. Firstly, a model of Poisson
point process (PPP) network is constructed in terms of the structure of wireless Ad-hoc
networks, and then it is used to simulate the process of data transmission. Secondly, random
interference to multiple nodes are performed, and the number of stopped network flows is
counted by monitoring ACK information or reconnoitering nodes activities. A correlation matrix
is constructed from jamming effects. Finally, the correlation matrix is continuously updated in
jamming process by taking the advantage of interaction in time of reinforcement learning and is
used for the selection of subsequent nodes. The proposed algorithm does not need to have a priori
knowledge of information such as network topology or importance of nodes, and interaction is
only needed in learning nodes correlation matrix which would be helpful when choose nodes to
jam. Simulation results by jamming wireless Ad-hoc in different circumstances and a comparison

with the joint slotted exploit explore learning show that the proposed interdiction algorithm
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increases by 27.1% in accumulate stopped flows, and its robustness is superior to existing algo-

rithms.
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